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Discussion on Key Problems in Intelligent Military Radar Target Recognition
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Abstract: With the rapid development of artificial intelligence and the increasingly complex battlefield envi-
ronment, the demand of intelligent military radar target recognition is becoming more and more urgent. From
the view of real application, combined with the development trend of target recognition at home and abroad and
the deep learning algorithm in radar target recognition application research, the key problems in each processing
step are discussed in this paper. Hierarchical target recognition strategy design, robust target features extraction
and feature self-learning, as well as the decision model design are comprehensively and deeply analyzed. The im-
portant directions of future application research are discussed, which provides a reference solution.
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