BEMFEEA

Radar Science and Technology

Vol.22 No.1
February 2024

5110
202442 A

DOI:10.3969/j.issn.1672-2337.2024.01.014

B T HHRIE R/ ME R RS R MERIR 5 777

FZH", AXE', BAIR", FEE"
(LG K, INZRMES 2640015 2. 31401 5RBA, ILZRAH G 264001 ; 3. 91423 #RBA, ILZR4H & 264001)

W OE: AT ABEAERR R AENT LB FHEAR LG DERFE TR ERHER GBS, R
R TR R G DA RS AR AR ok, Aok B RN A TRNE BLAE TR 08 L AR B AL O kAt
ARSI RIAT R Y 5 R KR P ) A AR BN B —F R ABAL L 8 A BAE A R
B AR AN S AR TR A0 4 R B R P ROR A EAE AR R A £ A TR RS ARIE A A BB & R i X
AEB R BHAEL, T EREHREFAL— T RPN L% R SHIRAEARL,

R : AR RAMRIAR ;DA BBIG IR M B R A AT %

FESES :TNI1LT HRFR G : A MBS :1672-2337(2024)01-0104-07

SIAEK: 2, BB, TR, 5 A THIBIG R DA RBIBEANMR RS T R[] FEARFERK,

2024,22(1):104-110.
WANG Yihui, YAN Wenjun, DUAN Kexin, et al. Few - Shot Sample Specific Emitter Identification
Method Based on Data Augmentation[ J]. Radar Science and Technology, 2024, 22(1):104-110.

Few-Shot Sample Specific Emitter Identification Method Based on Data Augmentation

WANG Yihui'?, YAN Wenjun', DUAN Kexin'?, YU Kaize'”
(1. Naval Aviation University, Yantai 264001, China; 2. Unit 31401 of PLA, Yantai 264001, China; 3. Unit 91423 of PLA, Yantai 264001, China )

Abstract: Aiming at the dilemma of low recognition accuracy of few-shot learning and due to difficult acquisition
of sample data and incomplete capture sample categories, a method for few-shot specific emitter identification (SEI)
based on data enhancement is proposed. Firstly, the dataset is expanded by time domain flipping, amplitude inversion,
amplitude scaling and noise processing. Secondly, the noise sequence and the category label are input into the generator
to further generate the “false and true” generated samples, which improves the diversity of the generated samples and
synchronously completes discrimination and category prediction of true and false samples through the auxiliary classifi-
er. Finally, according to the dynamic feedback of the discriminator, the weight of the loss function is gradually adjusted,
and the network is further optimized by focusing on high-quality samples to improve the recognition accuracy.
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